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Abstract— Artificial Intelligence (AI) and Internet of Things (loT) are
increasingly finding their way to the current workplaces thereby transforming
Organization Change Management (OCM). The present paper discusses the
opportunities of transforming the way organizations should handle change
through the integration between Al-driven predictive capabilities and data
measured in real-time through the loT devices. The conventional change models

z]ilnaly fes; Natural are usually built on basis of stagnant planning and instinctive decisions with the
anguage . . .. o

Al loT . loT
Processing(NLP) and IoT empowering dynamic decisions and in light of data. IoT Sensors are

able to record real-time behavioral, physiological, and environmental data that
is processed by an Al system to analyze the data to find potential signs of
resistance, disengagement, or stress. These insights can be used to intervene in a
timely and personalized manner that helps in facilitating the transitional process
and aiding in employee wellbeing. Based on the case studies and analyses, this
paper demonstrates the opportunities and the ethical implications of such
technologies in change management practice. It also ends with propositions on
how to create more versatile, individualized, and morality-based change plans in
future.

1. Introduction

In the contemporary digital age, the pressure on organizations to be agile, clear-minded, and understanding of the
change seem to surround it constantly. Classical methods of handling Organizational Change Management (OCM)
has usually relied on intuition of the manager and a one size fits all system to steer businesses through things like
mergers, restructuring, or a culture change [1]. The rising demands of Artificial Intelligence (Al) and the Internet
of Things (IoT) are, however, changing the way companies deal with change[3]. These technologies provide the
possibility of new approaches to transitions to move it in a more informed, accurate and responsive perspective. [oT
devices, which include wearable health measures and intelligent environmental controls, are generating endless data
streams as digital tools in the office place increase. This information coupled with the analytical ability of Al helps
organizations gain a better understanding of how employees behave, how they will respond to the change and
modify tactics on the fly[2]. To take an example, predictive tools can pointed at the early indicators of resistance or
stress in particular department that enables the leaders to take immediate and timely action into place. Artificial
intelligence and the internet of things achieve more than surveillance of the change itself: they influence it. Reading
signals about engagement, mood, or stress can help an organization regulate their plans even when the change is
already underway. This enables the firms to better control not only the technical processes but also the human one.
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2. Research Questions

The main questions that are answered in this paper are the following ones:

1.  What can Al through predictive analytics and IoT data do to enhance the process through which
organization manage change?

2. Howdo IoT sensors help to collect real-time information and provide input to such predictive models?

3. How can Al forsee the reaction of employees and aid more specific change plans?

Addressing these questions, the paper becomes a practical step into the integration of Al and IoT in OCM with the
purpose of enhancing adaptability and employee experience in a time as such.

3. The Role of Al in Predictive Analytics for OCM

With change in the organization becoming complex and faster than before, it can no longer be based only on
traditional planning. Artificial Intelligence (AI) has a high impact on Organizational Change Management (OCM)
due to the provision of real-time information and predictions through vast amounts of data (or statistics collected
with the help of [oT devices) [5]. These skills enable executives to see the sort of responses they should expect, the
areas of resistance and informative actions that they should take in the entire change process[4].

4. Al Techniques for Predicting Change Outcomes

It is also possible to study the historical changes in the organization by mean of Machine Learning (ML) and
then project the responses of various groups to the new initiatives.

Natural Language Processing (NLP) can analyses feedback based on emails, surveys or internal communication
and detect changes in sentiment, or any new issues.

Neural Networks and Deep Learning may identify sophisticated patterns that other processes could fail to
notice, and they may include relationships between the communication style and team morale.

They are adaptive, because they also keep getting better with each new data gathered, particularly when combined
with real-time data presented by the [oT systems.
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Figure 1: AI Model Accuracy & F1 Score

5. Forecasting with Al Models

The outcomes that will be forecasted with the help of Al-driven model include:
1. The department engagement rate
2. Likelihood of the staff turnover or resistance
3. The influence of the leadership communication
4. Falling uses in change
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In other words, an Al system can forecast the low productivity of the given case in which particular teams might
experience issues with new technology, based on the data on historical cases, so that it could be intervened earlier
by the leadership or HR [6].

6. Al as a support tool, not a replacement
The introduction of Al does not rob people of their judgement but enhances it. It gives good pointers like:

1. The best time to roll changes

2. The finding of team members capable of influence of peer adoption

3. Suggestion in where the resources should be expended such as coaching or wellness support
When this insight is paired with real-time data on the [oT, it makes these insights even more impactful, which will
be covered in the following section [7].

7. The need for Real-time data

The quality of information that Al receives is what makes it as strong in terms of predictability. Future guessing is
unable to make estimations without constant feedback in the work place. This is where IoT will come in very handy,
it offers up-to-date and real-time information that would enable Al to notice changes in employee experience on the
fly [8]. The combination of the two forms an active feedback loop that enables organizations to change effectively
and nimbly [9].

8. The Role of IoT in collecting Real-time data

Capitalizing on the forecasting abilities of Al, the Internet of Things (IoT) is critical when it comes to providing the
data fuelling such predictions [10]. With IoT gadgets at the workplace, there are always observers that are able to
gather information about how employees are doing, the working environment, and interactions on a daily basis.
This sustained data stream provides bent input because it helps to perfect change strategy and how employees react
to the changes more precisely [11].

9. 10T Devices in the Workplace

There are several IoT instruments used in data collection within an organization:
1. Wearable devices — it is possible to monitor heart rate, stress level, and the quality of sleep using
devices such as smart watches or fitness trackers [15].
2. Occupancy sensors and intelligent lights are smart office systems that monitor movement and use of
the workspace.
3. Environmental sensors read conditions such as temperature, air quality and noise which affect the
comfort and productivity of the employees.
The combination of these gadgets is capable of generating a continuous image of workplace behaviors, which
traditional questionnaire surveys or interviews overlook [12]

10. Enhancing Employee Monitoring and Feedback

IoT enables organizations to get beyond ad-hoc feedback to a continuous objective monitoring. For instance:
1. Wearable may indicate stress when there are big announcements in the organization, triggering the
leadership to know the employees are at risk of burnout or anxious [13].
2. Movement and cooperation sensors can identify a decline in teamwork, or an increase in isolation.
3. Environmental changes such as bad air can be attributed to the discomfort or resistance of the employees
[14].
Such an ongoing feedback loop would assist an organization to be proactive instead of waiting to witness the
manifestation of issues.

11. Feeding data into Al Systems

The IoT data becomes more valuable when it is applied to Al systems. Whether it be an Al or a digital healthcare
business, these real-time data streams assist their models [16].

1. Do a better job with regard to being ready or saying no.

2. Decide on the potential indication of detachment / stress
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3. Recommend real time modifications in change techniques.
As an example, Al may notice an immediate rise of stress levels within a particular department as a result of some
significant news, and direct specific measures to help such individuals or communicate better.
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Figure 2: AI - IOT Integration Architecture

12. Challenges in IoT Usage

Along with the useful aspects, there are certain concerns associated with the use of IoT in OCM:
1. Privacy and Consent: Data must be collected ethically and transparently.
2. Data Integration: Integrating the data of numerous gadgets can be a very complicated task.
3. Employee Acceptance: Employees might be reluctant to accept being watched all the time unless it is
based on both trust and clarity [17].
All these problems pose the need of good governance, and this is to be discussed subsequently in the discussion on
ethical considerations [18].

13. IoT and AI: A Collaborative System

Real-time input is possible by functioning of IoT, and the corresponding translation into valuable insights is made
by AI [19]. This group work enables organizations to be able to monitor the manner in which change is occurring
in real time. In the second part, we will pay attention to how all these technologies are united to develop flexible
and adaptive approaches to dealing with change [22].

14. Integrating Al and IoT for Change Management

Having discussed Al and IoT separately, this part is dedicated to how they are used to provide a more agile and
adaptive organizational change management (OCM) [20]. The combination of the two forms a system that
continuously gathers information, interprets it, and modifies their strategies in real-time according to the current
real-time situations, which can make the organization adapt to the quickly changing environment quickly without
losing employee engagement [21].

15. Real-time Monitoring and Strategy Adjustment

Al and IoT mix would produce yet another kind of loop:
1. IoT gadgets gather real-time statistics on the levels of stress, cooperation, and the workplace
environment of the employees.
2. Al uses such information to find such early warning signs as disengagement or resistance.
3. The insights offered to change leaders are timely and, as a result, they will be able to make changes to
the communication, training, or support programs on the spot.
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Such a method is opposite to a conventional change model that uses pre-determined steps. The change strategies
can be modified depending on the challenges that emerge, and Al and IoT can help increase the overall success of
the transformation efforts.

16. Continuous Improvement through Feedbacks loops

This system is also capable of continual data analysis of the effectiveness of change initiatives:
1. Forecasting possible outcomes allows organizations to contrast them with the real responses obtained with
the help of IoT.
2. Almodels can be developed to have better predictions in the future.
This means that if the available resources are necessary in one area it can be channeled there according to the new
information. This is because of feedback process that makes organizations grow to be more agile and ready to
change.

17. Understanding Employee Sentiment: Combining Data Types

A major strength of the system lies in the fact that it is capable of combining various types of feedback. Implicit
reaction to polls or survey findings reveals what the staff members claim to experience. An example of implicit
feedback of the IoT devices is heart rate variability or poor collaboration indicating that it is possible to track stress
or disengagement [25]. There is also a possibility of combining these signals to make a more comprehensive
understanding of employee morale. As an example, reducing survey scores with an increase in stress levels could
be an indication of fear of a new policy, which should obviously be taken care of at the earliest stage by the
leadership [26].
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Figure 3: Employee Stress Levels Across Departments (Pre and Post Change Initiative)

18. Real-World Example: Responding to change quickly

Just picture a restructuring company in mind. Instead of sitting out quarterly reports, AI-IoT system can:
1. Using automated technology, the number of more-stressed employees in one team can be detected within
several days
2. Reduction in observance in interaction or talkings.
3. Sound the alarm to managers so that they can offer specific coaching/mental health supports right now.
This kind of intervention at the right time also aids in keeping the morale as well as forestalling any losses in
productivity.

19. Integration Challenges

Although the benefits associated with the integration of Al and ToT are unquestionable, there are some drawbacks
that could be observed:

1. The gadgets and platforms might not always play well with each other.

2.  Working with vast amounts of quickly moving data is too much to handle.

3. Analysis that does not succumb under pressure should be in real time.

4. The communication must be transparent so that employees can be trusted.
Such problems will need delicate planning, clear communication, and excellent technical support.
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20. Case Studies and Applications

To gain a deeper insight into the enhancement of Organizational Change Management (OCM) through the uses of
Al and IoT, this section shares examples of big companies as well as small organizations. The examples demonstrate
how data-driven approaches can allow recognizing issues at the early stage, enhance the involvement of employees,
and facilitate the more effective changeovers.

Comparative Analysis: Before vs. After Al/loT Implementation
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Figure 4: Comparative Analysis — Before Vs. After Al Implementation

20.1. IBM: Using Al and IoT to Support Change

IBM has adopted the use of Al and IoT to deal with extensive changes in organization. Smart office sensors and
wearable technology constantly track the level of stress of the employees, their collaboration rates, and building
usage. This information, along with the history of change management can serve the purpose of predicting the areas
where issues can arise.

In another efficiency exercise, the Al tools alerted a section that had the potential to seize as a result of decreased
collaboration and escalated stress indicators. In response to managers, there was an emphasis on communication
and coaching. This made the adoption of the department easy as compared to other changes that were previously
implemented when such a technology was not in use.

20.2. Google: Monitoring Culture Shifts through Data

Google leverages Al in processing data in internal survey-based data, communication tools, and sensor-based office
spaces. The strategy can be used to monitor the mood of the employees through changing their culture and policies.
Real-time messaging and policy changes were made by leadership when the predictive models indicated initial
indicators of concern. This initiative was able to retain employees and achieved fewer turnover rates in cases where
growth was very high.

20.3. Tech Startup: Supporting Remote Work

A midsized technology company implements wearables and smart home office sensors that help its employees to
adjust to working remotely due to the sudden change of the conditions. Grounded with the help of artificial
intelligence, the trends in stress and virtual meeting activity were reviewed.

Innovations enabled HR departments to refine their schedules and provide specific assistance with mental health.
The individualized strategy resulted in increased morale and maintenance of productivity, demonstrating that Al-
IoT combination is effective even in smaller organizations.
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20.4. Healthcare Organization: Managing Post-Merger Transitions

One way in which IoT has been used is after a healthcare organization underwent a merger, to monitor how staff
interact and how stressed they are. Al also assisted in identifying the departments which did not easily adapt [24].
These were the areas to which the leaders directed their efforts by providing support and monitoring the changes
about the period of time. The strategy minimized employee turnover and aided in the closer synchronization of
cultures within the merged teams, in a shorter period of time [23].

Key Insights
Such practical examples depict some of the general advantages of adopting Al and IoT in OCM:

1. Precursor of prohibition and withdrawal

2. Constant observation through which modifications can be made in a short time

3. A compromise between meeting business objectives and ensuring well-being of the employees
Although these tools have been pioneered by the big companies, even the smaller organizations are discovering how
they can use them effectively, which shows how these tools are relevant in a wider setting and that they are valuable.

Al-Driven loT Adoption by Industry (Bar Chart)
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Figure 5: Al Driven IOT Adoption by Industry (Bar Graph)

21. Future Directions and Innovation

The rise of Al and [oT means that their particular applications in OCM will become increasingly advanced in the
future, becoming more personalized, insightful, and ethical in design. Under this section, outlining the main
developments that are expected to influence change management in future.

21.1 Advances in Al and Predictive Analytics

Among the enhanced capabilities that the next-generation Al models will offer, one will find:
1. Additional contextual information, where the Al can better analyze the communication of the employees
based on improved language processing.
2. Explainable Al that they can explain to managers how the predictions / suggestions are reached which
establishes trust and accountability.
3. Multimodal data fusion whereby data that is in different forms like text, behavioral, and physiological
information can be used to draw correct predictions.
Such changes and innovations will increase the practicality and sensible dependability of Al in handling
organization changeovers.

21.2 Evolving IoT Technologies

Major advancements are likely to be experienced in the [oT area too:
1. Smaller and less obtrusive devices will measure health and the environment much more precisely and with
little disruption.
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2. Edge computing will enable the processing of data in-situ, which will be faster and less concerning to the
privacy.
3. More responsive change management would be able to flow in real-time as faster networks like 5G would
allow.
The improvements will provide data in a richer and more reliable form that can be used by Al systems.

21.3 Integration with Emerging Tools

Other emerging technologies are starting to cross paths with Al and the internet of things:
1. Blockchain has the ability to make the data sharing secure and enhance trust due to transparent
recordkeeping.
2. Augmented Reality (AR) and Virtual Reality (VR) have a potential to simulate change scenarios to be used
in training and engagement.
3. Digital twins: Digital twins can be developed, i.e., virtual representations of workplace behavior, to enable
an organization to experiment with different approaches prior to implementation in the real world.
Such integrations will make change management friendly, proactive, and employee-oriented.

21.4 Emphasizing Ethics and Human-Centered Design

Ahead, what matters in technology will be no more technical ability than discretion. The future OCM strategies
will:

1. Construct systems that have privacy safeguards.

2. Engage employees in the development of the way of using technology.

3. Putting an emphasis on the equity and belongingness, as well as the trust in Al-mediated judge.
Innovation is important but, coupled with a balanced approach to ethical responsibility, a change system that is
effective and sustainable will be created.

Ethical Considerations in Al-loT Organizational Change

un|||||||||||||||
s I Transparency
s Privacy .
I Bias [ ]
I Autonomy [ ]

Figure 6: Ethical Considerations in AI-IOT Organizational Change

e o e =
2 @ w o

Intersection size

e
%)

22. References

[1]. Zong, Zhijuan, and Yu Guan. "Al-driven intelligent data analytics and predictive analysis in Industry 4.0:
Transforming knowledge, innovation, and efficiency." Journal of the Knowledge Economy 16.1 (2025): 864-
903.

[2]. Elkahlout, Mohammed, et al. "AI-Driven organizational change: transforming structures and processes in the
modern workplace." (2024).

[3]. Aakula, Ajay, Vipin Saini, and Taneem Ahmad. "The Impact of Al on Organizational Change in Digital
Transformation." Internet of Things and Edge Computing Journal 4.1 (2024): 75-115.

[4]. Ramya, J., et al. "Al and Machine Learning in Predictive Analytics: Revolutionizing Business Strategies
through Big Data Insights." Library of Progress-Library Science, Information Technology & Computer 44.3
(2024).

[5]. Prakash, Divya. "Data-driven management: The impact of big data analytics on organizational
performance." International Journal for Global Academic & Scientific Research 3.2 (2024): 12-23.


http://www.tejasjournals.com/

TEJAS Journal of Technologies and Humanitarian Science

ISSN-2583-5599

Esha Srivatava et al. Vol.04, 1.03 (2025)
https://www.tejasjournals.com/

https://doi.org/10.63920/tjths.43001

[6]. Nama, Prathyusha, Suprit Pattanayak, and Harika Sree Meka. "Al-driven innovations in cloud computing:
Transforming scalability, resource management, and predictive analytics in distributed systems." International
research journal of modernization in engineering technology and science 5.12 (2023): 4165.

[7]. Adimulam, Thejaswi, Manoj Bhoyar, and Purushotham Reddy. "AI-Driven Predictive Maintenance in IoT-
Enabled Industrial Systems." Iconic Research And Engineering Journals 2.11 (2019): 398-410.

[8]. Selvarajan, Guru. "Leveraging Al-enhanced analytics for industry-specific optimization: A strategic approach
to transforming data-driven decision-making." International Journal of Enhanced Research In Science
Technology & Engineering 10 (2021): 78-84.

[9]. Badmus, Oluwaseun, et al. "Al-driven business analytics and decision making." World Journal of Advanced
Research and Reviews 24.1 (2024): 616-633.

[10].  Achumie, Godwin Ozoemenam, et al. "Al-driven predictive analytics model for strategic business
development and market growth in competitive industries." J Bus Innov Technol Res (2022).

[11].  Selvarajan, Guru Prasad. "Harnessing Al-Driven Data Mining for Predictive Insights: A Framework for
Enhancing Decision-Making in Dynamic Data Environments." International Journal of Creative Research
Thoughts 9.2 (2021): 5476-5486.

[12].  Lemos, Sara IC, et al. "Artificial intelligence and change management in small and medium-sized
enterprises: an analysis of dynamics within adaptation initiatives." Annals of Operations Research (2022): 1-
27.

[13].  Valtiner, Daniel, and Christian Reidl. "On change management in the age of artificial intelligence: a
sustainable approach to overcome problems in adapting to a disruptive, technological transformation." Journal
of Advanced Management Science 9.3 (2021).

[14].  Schwaceke, Julia, et al. "Artificial intelligence (AI) for good? Enabling organizational change towards
sustainability." Review of managerial science (2025): 1-26.

[15].  Neumann, Oliver, Katharina Guirguis, and Reto Steiner. "Exploring artificial intelligence adoption in
public organizations: a comparative case study." Public Management Review 26.1 (2024): 114-141.
[16].  Horani, Omar Mohammed, et al. "The critical determinants impacting artificial intelligence adoption at the

organizational level." Information Development (2023): 02666669231166889.

[17].  Kurup, Sreejith, and Vivek  Gupta. "Factors influencing the Al  adoption in
organizations." Metamorphosis 21.2 (2022): 129-139

[18].  Kulkov, Ignat, et al. "Artificial intelligence-driven sustainable development: Examining organizational,
technical, and processing approaches to achieving global goals." Sustainable Development 32.3 (2024): 2253-
2267.

[19]. Hamm, Pascal, and Michael Klesel. "Success factors for the adoption of artificial intelligence in
organizations: A literature review." 27th Americas Conference on Information Systems, AMCIS 2021: Digital
Innovation and Entrepreneurship. Association for Information Systems, 2021.

[20].  Alsheiabni, Sulaiman, Yen Cheung, and Chris Messom. "Factors inhibiting the adoption of artificial
intelligence at organizational-level: A preliminary investigation." Americas conference on information systems
2019. Association for Information Systems, 2019.

[21].  Kar, Arpan Kumar, and Amit Kumar Kushwaha. "Facilitators and barriers of artificial intelligence adoption
in business—insights from opinions using big data analytics." Information Systems Frontiers 25.4 (2023): 1351-
1374.

[22].  Tushar Singh, Prashant Srivastava, TEJAS Journal of Technologies and Humanitarian Science, ISSN-
2583-5599, Vol.04, 1.02 (2025),https://doi.org/10.63920/tjths.42004

[23].  Chatterjee, Sheshadri, et al. "Adoption of artificial intelligence integrated CRM system: an empirical study
of Indian organizations." The Bottom Line 33.4 (2020): 359-375.

[24].  Okeleke, Patrick Azuka, et al. "Predictive analytics for market trends using Al: A study in consumer
behavior." International Journal of Engineering Research Updates 7.1 (2024): 36-49.

[25].  Gaurvi Shukla, E-Commerce As a Tool for Economic Empowerment and Poverty Reduction, TEJAS
Journal of Technologies and Humanitarian Science, ISSN-2583-5599, Vol.02, 1.02(2023)

[26].  Kliestik, Tomas, et al. "Artificial intelligence-based predictive maintenance, time-sensitive networking,
and big data-driven algorithmic decision-making in the economics of Industrial Internet of Things." Oeconomia
Copernicana 14.4 (2023): 1097-1138.


http://www.tejasjournals.com/

